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Which constructs are most important to marketing? Has their importance waxed or waned over time? Is the
discipline converging or diverging conceptually? Although scholars have attempted to study the evolution of
the discipline, such questions remain largely unanswered. The present research addresses these issues by ex-
amining marketing's nomological network—the interconnection of psychometric variables found in the dis-
cipline's structural equation models (SEM)—using sociometric techniques. Two digraphs containing the
interleaved and concatenated results from SEMs during two periods are investigated. The findings suggest
that although marketing thought in SEM studies is somewhat fragmented, two dominant research streams
emerge—one dealing with organizational behavior issues and the other with relationship marketing. The
focus on SEMs suggests that the findings are particularly relevant for scholars or practitioners in survey-
based research, as they provide direction for future research and suggest that firms can prosper by improving
customer relationships.

© 2012 Elsevier Inc. All rights reserved.
1. Introduction

As a science matures, the progress, evolution, and impact of that
particular science are assessed by philosophers of science (Ramos-
Rodríguez & Ruíz-Navarro, 2004). As such, marketing's relative im-
portance to a wider audience of social scientists has been investigated
(Hoffman & Holbrook, 1993). These efforts have resulted in attempts
to determine if marketing is converging on a set of agreed upon prop-
ositions that are useful for both researchers and practitioners
(Stremerch, Verniers, & Verhoef, 2007). In particular, the structure
and process of the discipline have been studied with citation analysis
(Hoffman & Holbrook, 1993). By analyzing the discipline's citation
patterns, marketing's evolution can more clearly be traced.
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The research presented, however, contributes to understanding
the discipline's progress by examining the discipline's constructs
and their interrelationships. Specifically, several network analysis
algorithms are leveraged to investigate the evolution of marketing's
nomological network—the law-like interconnection of measured,
latent constructs found in the domain (Cronbach & Meehl, 1955). By
examining the relationships between the constructs embedded in
structural equation models (SEM) in the Journal of Marketing, Journal
of Marketing Research, Journal of Consumer Research, and Marketing
Science over two decades, inferences can be drawn regarding the dis-
cipline's advancement. Although these inferences are limited to mar-
keting's psychometric variables, they provide valuable insights for
both research and practice.

The present research discusses bibliometric techniques and how
these methods have been used to explore the field's progression. In
particular, network analysis is used to discover which constructs are
most central, and hencemost important, to the field, as well as reveal-
ing the waning relative importance of others. This analysis also
suggests that themarketing discipline is highly fragmented, as numer-
ous versions of semantically related and context specific constructs
are identified. The discipline embodies some degree of coherence, as
two overarching themes dominate during the past two decades. Addi-
tionally, a permutation test assesses the degree to which a network of
constructs exhibits symmetry, providing clues as to how researchers
assemble SEMs. Finally, a permutation procedure known as the BEA
uncovers subsets of constructs with cohesive relationships. Accord-
ingly, direction for the discipline is provided, offering insights for
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substantive researchers developing new constructs, theories, and re-
search streams using SEM. In addition, insights for managers seeking
the most effective strategies for winning and keeping customers are
provided. Finally, given the focus on SEMs, the present research
should be particularly applicable to the large B2B literature, the mar-
keting management literature, or any domain that relies upon survey
data.

2. Conceptual background

A sizable body of literature combines citation analysis and a desire
to understand the evolution of a scientific domain (Baumgartner &
Pieters, 2003; Bettencourt & Houston, 2001). Broadly classified as bib-
liometrics, such efforts operate by examining journal citations. The
inclusion of a citation interconnects articles, suggesting agreement
on the cited author's findings (Shadish, Tolliver, Gray, & Gupta,
1995). For example, citing Parasuraman, Zeithaml, and Berry (1988)
might suggest a bias towards assessments of service quality based
on a perceived gap between expectations and actual performance.
Additionally, bibliometry examines co-citations where two or more
authors make a reference to a particular article, perhaps indicating
agreement on a theoretical stance.

Bibliometry is an accepted method for examining business disci-
plines, yielding insight into the sociology of science, while “requir
[ing] minimal subjective judgments by the researcher” (Tellis,
Chandy, & Ackerman, 1999, p. 121). These techniques provide the
foundation for studies on hidden colleges and academic career
advancement (Casey & McMillian, 2008; Seggie & Griffith, 2009). Bib-
liometry also explores researcher productivity, the epistemological
proximity of journals, and sources of new ideas (Baumgartner &
Pieters, 2003; Bettencourt and Houston 2001; Tellis et al., 1999).
These techniques examine research authorship and article impact
(Stremerch et al., 2007). Thus, bibliometry is an accepted method
for exploring a discipline's evolution and impact.

Some methodologists, however, take issue with the validity of the
results derived from such methods, suggesting that they may be suf-
ficient for counting co-citations, but not author agreement (Shadish
et al., 1995). Consider that an author may cite another that they
disagree with to develop a countervailing argument. For this reason,
bibliometry may lack construct validity.

The analysis of marketing's nomological network found in the pre-
sent research overcomes some of the weaknesses inherent in such
methods by evaluating the linkages among constructs with a series
of network analyses. Specifically, the present research examines con-
structs found in SEMs. Since a domain's constructs, and their relative
positions in the nomological network, create substantive and theoret-
ical meaning, this technique allows for a more direct assessment of a
domain (Cronbach & Meehl, 1955). Thus, an examination of market-
ing's nomological network provides further insights into the evolu-
tion of the discipline that may be obscured to bibliometricians
(Campbell, 1960).

3. Methods and data collection

3.1. Graph-theoretic framework

Marketing's nomological network is framed as a directed graph,
G(V, E), where V and E are the vertex and edge sets. The vertex set,
V={v1,…vn}, consists of n latent constructs identified in SEM studies
published from 1987–2008. A directed edge between a pair of verti-
ces {vi, vj} is established if at least one study investigates the effect
of latent construct vi on latent construct vj. vi is the sending construct
and vj is the receiving construct (Wasserman & Faust, 1994). As the
effect of a latent construct on itself is not plausible, loops are not
included ({vi, vi}∉E for all 1≤ I≤n). As the effect of one construct vi
on construct vj might be measured in one study and the impact of vj
on vi might be examined in another, {vi, vj}∈E and {vj, vi}∈E. An
n×n matrix, X=[xij], is obtained from G(V, E) such that xij=1 if
{vi, vj}∈E, else xij=0.

3.1.1. Network metrics
A number of metrics summarize X, including density, δ:

δ ¼

Pn
i¼1

Pn
j¼1

xij

n n−1ð Þ ð1Þ

Density represents the total number of directed edges in the net-
work matrix divided by the number of possible edges (note the use
of n(n−1), as loops are not permitted).

Two other noteworthy metrics are in-degree and out-degree cen-
trality. For each vertex vj, the in-degree centrality, ωj, represents the
number of directed edges entering the vertex divided by the total
number of vertices. The computation of in-degree centrality:

ωj ¼

Pn
i¼1

xij

n
;∀1≤j≤n: ð2Þ

The average in-degree centrality across all vertices is obtained as:

�ω ¼

Pn
j¼1

ωj

n
ð3Þ

In a similar manner, the out-degree centrality for each vertex j,
denoted ηj, and the corresponding average across all vertices are
computed as follows:

ηj ¼

Pn
i¼1

xji

n
;∀1≤j≤n: ð4Þ

�η ¼

Pn
j¼1

ηj

n
: ð5Þ

To provide additional information regarding the relative impor-
tance of a construct, a measure of construct embeddedness is calcu-
lated. For each vertex, vj, the subset Vj is defined such that vi∈Vj if
{vi, vj}∈E and/or {vj, vi}∈E. Vj is the subset of constructs that are
either direct senders or receivers to construct vj. The measure of
embeddedness for construct vj, which is denoted as ϕj, is a straight-
forward density calculation based on the constructs in Vj. If vj has
only one immediate neighbor, then ϕj=0; otherwise, ϕj is computed
as follows:

φj ¼
∑
i∈Vj

∑
l∈Vj

xil

V j

���
���

� �
� Vj

���
���−1

� � ;∀1≤j≤n; ð6Þ

where ∣Vj∣ is the cardinality of Vj (the number of vertices). The
embeddedness measure is a density calculation for each construct,
assessing local neighborhood embeddedness. Constructs with larger
values of ϕj play a key role in explaining and predicting other con-
structs and, thus, have greater usefulness for both theory and practice.

3.1.2. Permutation test of symmetry
A permutation test, based on quadratic assignment, is used to test

the null hypothesis that a matrix does not exhibit symmetric proper-
ties versus the alternative of symmetry. The observed statistic for
Mantel's (1967) test is the sum of the products of two n×n matrices.
The reference distribution is obtained by holding one of the matrices
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constant and permuting the rows and, simultaneously, the columns of
the second matrix. A complete distribution is obtained by recomput-
ing the Mantel index for each of the n! permutations of the second
matrix; however, this is computationally infeasible for matrices
where n exceeds 12 or 13. Accordingly, most applications approxi-
mate the distribution.

Although Mantel's test can be applied to evaluate the concordance
of any pair of n×nmatrices, Hubert and Baker (1979) noted that a test
of symmetry is performed when the two matrices are X and its trans-
pose (X′). In this context, the Mantel statistic is computed as:

Γ X;X′
� �

¼
Xn

i¼1

Xn

j¼1

xijx
′
ij ð7Þ

After computing this statistic, a reference distribution is obtained
by randomly generating 9999 permutations of the n constructs. For
each permutation, ψ, with elements ψ(j) indicating the vertex index
occupying position j of the permutation (for 1≤ j≤n), a permutation
of the rows and columns of the transpose matrix results, denoted X′ψ.
An index for each permuted transpose matrix is computed as follows:

Γ X;X′
ψ

� �
¼

Xn

i¼1

Xn

j¼1

xijx
′
ψ ið Þψ jð Þ ð8Þ

A reference distribution of 10,000 indices is established by the sta-
tistic and the 9999 indices for the random permutations. An approx-
imate p value is obtained by dividing the number of indices that
equal or exceed Γ(X,X′) by 10,000. If this p value is less than .05,
then the null hypothesis of no symmetric structure is rejected.

3.1.3. The bond energy algorithm
To uncover structural patterns in the network matrix, the BEA is

used. The BEA has been used in the formation of manufacturing
cells, design of recommender systems, and study of social networks.
Here, the BEA establishes permutations of the rows (senders) and col-
umns (receivers) with the goal of optimizing an index that produces
large strings of 1s in the permuted network matrix. The output en-
ables the identification of blocks of sender and receiver constructs
used in tandem.

3.2. Data collection

Two digraphs are established by interleaving and concatenating
the results of SEM studies from 1987 to 1997 and from 1998 to
2008 in four marketing journals. For instance, the X98-08 matrix was
developed by including product judgments and willingness to buy as
the first elements, as these constructs were listed in the first study
found in the Journal of Marketing in 1998. G87-97 and G98-08 refer to
the digraphs for the two time periods and X87-97 and X98-08 to the cor-
responding network matrices. It should be noted that the two de-
cades investigated were chosen based on the year for which data
were available at the time of the study.

Only constructs found in SEM studies defined the nomological
network for several reasons. First, such constructs are purged of mea-
surement error during an SEM analysis, allowing for more accurate
operationalizations (Anderson & Gerbing, 1988). Second, their reli-
ability and validity are assessed. These assessments reinforce the con-
struct's epistemological value and hence contribute to the domain's
theories (Hunt, 1991). Constructs found in these models are direc-
tionally related; that is, the strength of the effect of one construct
on another is captured in a beta coefficient. This allows for an assess-
ment of the overarching theoretical structures found in the nomolog-
ical network (Campbell, 1960). Finally, constructs are measured,
latent, and psychometric variables, which is in agreement with the
original intent of Cronbach and Meehl's (1955) treatise on validity
in general and nomological validity in particular.

Not all constructs in SEM studies during these two time periods
are included. Hierarchical, multidimensional constructs are excluded
if their nomological validity is not assessed (Cronbach & Meehl,
1955; Peter, 1981). In these cases, although the newly developed
construct in question may add to the body of knowledge, since the
construct has not been evaluated as either endogenous or exogenous
to any number of related constructs in the nomological network, the
construct lacks empirical validation (Anderson & Gerbing, 1988). In
other words, the construct's broader meaning relative to marketing's
overall theoretical structure is untested and is therefore unknown
(Campbell, 1960; Cronbach & Meehl, 1955). Finally, since constructs
serve as the unit of analysis, multiplicative constructs (interactions)
are not included.

3.3. Analysis and results

To examine the evolution of marketing and determine which con-
structs are most important in SEM studies, the two digraphs (G87-97

and G98-08) are subjected to a series of network analyses. A visual in-
spection is conducted, where a side-by-side comparison of the two
digraphs shows an increase in the number of constructs and, thus,
SEM publications. The network's density is estimated for both
decades allowing for a comparison of cohesion levels between con-
structs, and thus empirical inquiries, in two time periods. To examine
which constructs are the most important to the field, measures of
each construct's in-degree and out-degree centralities are calculated.
In addition, construct embeddedness is estimated to study how con-
structs group together. A permutation test is conducted on each ma-
trix to test the null hypothesis that each is symmetric. Finally, the
BEA is applied to uncover cohesive blocks of senders and receivers.

3.4. Density

The densities of the X87-97 and X98-08 matrices are calculated using
UCInet 6.191, revealing densities of .51 and .38%. Since 340 and 454
constructs are found, 588 out of 115,600 and 778 out of 206,116 pos-
sible connections are present. This finding suggests that the majority
of constructs are not connected, implying a diverse discipline that
may be diverging.

The lack of network density, coupled with a 25.49% decrease over
time, indicates that the discipline is becoming more specialized. If the
network had shown signs of increasing density, this would have sug-
gested that SEM studies were using the same or fewer constructs and
thus the discipline was converging. For instance, both digraphs con-
tain several different, contextually relevant performance and satisfac-
tion constructs. The first digraph contains thirteen and nine versions
of these constructs, while the latter digraph contains nine. In other
words, network density demonstrates the creation of new context
specific constructs for which a more general construct might have
sufficed.

By collapsing semantically related constructs into general ver-
sions, density increases. The 1987–1997 digraph's density increases
from .51 to .69%, a 35.29% change; while the 1998–2008 digraph's
density increases from .38 to .54%, a 42.11% change. This finding
suggests a decrease in constructs found in each network (from 340
to 272 and from 454 to 340 constructs in each period).

3.5. In-degree centrality measures

Mean in-degree centrality is computed using UCInet 6.191. The
results for the G87-97 digraph's centrality analysis show that role am-
biguity, role conflict, trust, environmental uncertainty, communication,
shared values, opportunistic behavior, cognitive age, reward, and mate-
rial cost sensitivity are the most widely used endogenous constructs.
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The results from the G98-08 digraph's centrality analysis suggests min-
imal continuity over time, as only one of the same constructs retained
its importance as an outcome. In particular, trust, satisfaction, customer
oriented strategy, commitment, supplier transaction-specific assets,
interdependence, dependence asymmetry, relational norms, buyer
transaction-specific assets, and formalization surfaced in this analysis.
Thus, relationship marketing constructs played an important role in
SEM studies in marketing over the last decade. Finally, mean in-
degree centrality values are combined across decades, allowing the
most widely used endogenous constructs to be identified. These results
show that role ambiguity, trust, role conflict, satisfaction, customer orient-
ed strategy, environmental uncertainty, supplier transaction-specific
assets, commitment, interdependence, and dependence asymmetry are
the top outcome or mediating constructs in SEMs from 1987 to 2008.

3.6. Out-degree centrality measures

Mean out-degree centrality is computed using UCInet 6.191. The
results from the G87-97 digraph's analysis suggest that satisfaction,
job satisfaction, effort, decision uncertainty, cooperation, propensity to
leave, attitude towards the AD, organizational commitment, mutual
satisfaction, and outcome-based coordination efforts feature the great-
est mean out-degree centrality values and thus are the greatest
source of ties during this time period. Context specific constructs—
job satisfaction—that could impact front-line employees’ motivation,
and influence consumers’ satisfaction levels, are important to the
discipline (Bitner, Booms, & Mohr, 1994). An out-degree centrality
analysis using UCInet is also conducted on the G98-08 digraph. The re-
sults show that the top ten sources of ties—exogenous constructs—are
trust, commitment, purchase intentions, customer product acquisition
costs, customer operations costs, satisfaction, overall firm performance,
tech-based innovation, market-based innovation, and job satisfaction.
Thus, these constructs are important predictors, as they are found in
multiple studies and most frequently filled the role of exogenous
constructs in SEMs in marketing.

Themeanout-degree centrality values are combined across decades.
Through sorting these values by their relative magnitudes, the most
widely studied exogenous constructs are identified as trust, satisfaction,
commitment, purchase intentions, job satisfaction, effort, decision uncer-
tainty, customer product acquisition costs, customer operations costs, and
overall firm performance.

3.7. Construct embeddedness

An embeddedness test shows that organizational behavior con-
structs in the G87-97 digraph are more extensively embedded, with
leadership consideration, leadership role clarification, job performance,
turnover intentions, and organizational citizenship behaviors having
the highest coefficients. This finding changed during the next decade,
as conflict, overall financial performance, sales growth, communication,
and supplier market orientation appear to be the most well connected
within their respective neighborhoods.

3.8. Network symmetry

A symmetry test of the G87-97 digraph reveals a Mantel statistic of
Γ(X, X′)=4. Two symmetric construct pairings (trust–cooperation
and role conflict–role ambiguity) are found where each is both a send-
er and a receiver. The permutation test for the G87-97 digraph results
in an approximate p value of p=.3447 and a failure to reject the
null hypothesis. Contrastingly, 27 symmetric pairs appear in the
G98-08 digraph. The resulting Mantel statistic was Γ(X, X′)=54, with
the approximate p value of p=.0001 leading to the null hypothesis's
rejection. Among the constructs that are part of multiple symmetric
pairs are trust, opportunistic behavior, interdependence, and relational
norms. These constructs formed symmetric pairs with one another.
Buyer transaction-specific assets are also both a sender and receiver
for the trust, interdependence, and relational norms constructs. Finally,
many symmetric pairs are formed among communication and knowl-
edge constructs such as face-to-face communication, e-mail commu-
nication, tacit-form knowledge, process knowledge, and product
knowledge.

3.9. Cohesive blocks of senders and receivers

The application of the BEA to the X87-97 matrix produced several
interesting blocks of senders and receivers. The most notable among
these is a block of 9 sending and 7 receiving constructs shown in
the top panel of Table 1. Three of the sending constructs (opportunis-
tic behavior, shared values, and communication) are senders for each of
the seven receivers in the block, and trust is a sending construct for 6
of 7 receivers. Cooperation is the strongest receiving construct in the
block, with ties to 8 of 9 sending constructs. Relationship commitment,
acquiescence, and propensity to leave each had ties to 6 of 9 sending
constructs. Trust and relationship commitment appear as both senders
and receivers in the block. Trust is a sending construct for all receivers
(except itself), and is a receiving construct for each of the three prin-
cipal senders (opportunistic behavior, shared values, and communica-
tion). In addition to serving as a receiving construct for 6 of 9
senders, relationship commitment is a sending construct for acquies-
cence, cooperation, and propensity to leave.

The application of the BEA to theX98-08matrix yields some interest-
ing blocks; however, they tend to be smaller and less cohesive than
those obtained for the X87-97 matrix. A block of 7 sending and 7 receiv-
ing constructs for the X98-08 network is shown in the bottom panel of
Table 1. Unlike those in the top panel, no constructs in the bottom
serve as both senders and receivers. The two principal sending con-
structs in the bottompanel aremarket orientation and competition inten-
sity, each serving as a sender for 5 of 7 receivers.Organizational learning,
market-based innovation, and technology-based innovation are the stron-
gest receiving constructs, with ties to 6 of 7 senders. None of the other
receivers had ties to more than 2 senders.

4. Discussion and implications

This paper examines marketing and the discipline's evolution by
leveraging sociometric techniques to investigate the interconnected-
ness of marketing's psychometric constructs. Marketing's nomo-
logical network as found in SEMs is captured and analyzed to
determine which constructs are most important to the field, if these
constructs have remained important, and if the field is converging
or diverging conceptually. The findings suggest that organizational
behavior constructs play an important role in the nomological net-
work in the first period, while relationship marketing constructs are
central in the last. The results show two dominating research streams
and increasing complexity and specificity over time.

A density analysis suggests that the number of marketing constructs
found in SEMs in marketing is increasing. While this increase may
reflect true growth and maturity of the discipline, the increase could
be attributable to the accessibility of SEM software or doctoral training.
Journal receptivity to SEM studies may also play a role (Steenkamp &
Baumgartner, 2000). Alternatively, this increase could be attributable
to the notion that scholars are rewarded for publishing findings that
are differentiated from, and extend, prior literature. Whatever the
case, the increasing number of constructs indicates that the discipline
is becomingmore fragmented and the findings, perhaps, less generaliz-
able, as research efforts increase in specificity. For example, more
specific forms, such as satisfaction with contact person, of general
constructs, such as satisfaction, have been developed.

A density analysis shows that the majority of marketing constructs
in SEMs are not connected, suggesting that constructs may be under-
utilized. This finding may suggest that multiple, semantically related



Table 1
Subsets of sending and receiving constructs from the bond energy algorithm (top panel 1987–1997, bottom panel 1998–2008).

Trust Functional conflict Uncertainty Relationship commitment Acquiescence Cooperation Propensity to leave

Outcomes given
comparison level

0 0 0 0 0 1 0

Influence by partner firm 0 0 0 0 0 1 0
Relationship commitment 0 0 0 0 1 1 1
Trust 0 1 1 1 1 1 1
Opportunistic behavior 1 1 1 1 1 1 1
Shared values 1 1 1 1 1 1 1
Communication 1 1 1 1 1 1 1
Relationship termination
costs

0 0 0 1 1 1 1

Relationship benefits 0 0 0 1 0 0 0

Venture
performance

Competitor knowledge
process

Organizational
learning

Market-based innovation Tech-based
innovation

Customer
loyalty

Innovativeness

Entrepreneurial orientation 0 0 1 1 1 0 0
Technological orientation 0 0 1 1 1 0 0
Demand uncertainty 0 0 1 1 1 0 0
Market orientation 0 0 1 1 1 1 1
Technology change 0 1 1 1 1 0 0
Competition intensity 1 1 1 1 1 0 0
Positional advantage 1 0 0 0 0 0 0

Note: A value of ‘1’ indicates that construct in the row was a sender for the receiving construct in the column. The stringing of 1s in the rows and columns is an artifact of the
objective criterion used by the BEA.
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or linearly equatable constructs have been unnecessarily created
(Hedges & Olkin, 1985). This finding may also indicate that the do-
main is widening, facilitating answers to new practitioner relevant
questions (Stewart, 2002; Tellis et al., 1999).

Density assessments are conducted on a collapsed version ofmarket-
ing's nomological network, increasing domain parsimony and mini-
mizing fragmentation. However, collapsing marketing's nomological
network reduces the specificity of contributions and represents a serious
challenge for the field, as new ideas must be created to invigorate the
discipline, enhance theories’ predictive and explanatory power, and
develop more effective and exportable explanations (Stewart, 2002).

The findings also imply that researchers should guard against
developing new constructs that are not really new (Peter, 1981). In-
stead, researchers should use validated constructs and recognized
theories, as building on prior work enhances opportunities for a dee-
per understanding of marketing phenomena and hence adding to the
nomological network's texture (Tellis et al., 1999). In sum, building
on prior findings may encourage knowledge accumulation and the
development of richer theories.

An in-degree centrality analysis suggests that constructs bor-
rowed from organizational behavior are the most connected endoge-
nous constructs during the 1987–1997 period. In particular, role
ambiguity and role conflict are widely used as mediators and outcome
variables, indicating that marketing theory and practice are con-
cerned with how such factors are shaped by and shape organizational
practices and, therefore, consumer behaviors. An analysis of the sec-
ond digraph, G98-08, shows a shift in marketing's focus, as constructs
dealing with relationships took center stage. Scholars investigated
the factors that influence inter-organizational trust, commitment, sup-
plier transaction-specific assets, interdependence, dependence asymme-
try, relational norms, and buyer transaction-specific assets. However,
trust played an important role in both time periods and across con-
texts, implying the wide applicability and capacity of the construct
trust to explain B2B and B2C interactions.

An out-degree centrality analysis supports the idea that marketing
is broadening, allowing consideration of organizational behavior.
Specifically, marketing placed a heavy emphasis on individual differ-
ences, expanding the discipline's analysis of the exchange of value to
focus on the parties involved in the exchange process (Bagozzi, 1975).
This finding suggests that employee-related issues were a major con-
cern to both marketing researchers and practitioners. This focus may
be due to the enlargement of the services marketing sub-discipline,
which coincides with a movement towards a service-driven economy
(Stewart, 2002). That is, organizational behavior issues may be more
important to marketing since the increase in services has resulted in
high levels of and more frequent contact between consumers and
service employees. Given this possibility, and the widening definition
of marketing, factors that can negatively impact service workers’ atti-
tudes, and hence their performance, have fallen undermarketing's pur-
view (Bitner et al., 1994). Thus, marketing, as assessed through SEM
studies, is expanding in scope to consider the role of human factors in
analyses of transactions (Bagozzi, 1975).

An out-degree centrality analysis on the second period shows that
relationship marketing, and related constructs, furnish the network
with a substantial source of ties. This finding implies that relationship
marketing is especially important to the discipline, speaking to the
impact and usefulness of such constructs to both the field and practi-
tioners. Specifically, relationship marketing variables are useful ante-
cedent or causal constructs in many models, as they explained a large
portion of variance in outcome measures. Thus, relationship market-
ing factors influence and facilitate the exchange of value and increase
the firms’ success (Palmatier, Dant, Grewal, & Evans, 2006). Finally,
satisfaction is important in both time periods, suggesting that satisfac-
tion is applicable across contexts and levels of analysis.

A test of construct embeddedness confirms that themost connected
or embedded constructs change over time. In particular, constructs
imported from organizational behavior play a major role in the G87-97

digraph, while relationship marketing constructs do the same in the
G98-08 digraph. Thus, marketing is dynamic, changing to better serve
the needs of both researchers and practitioners. Therefore, researchers
should carefully evaluate prospective contributions to determine if
they are promoting an installed paradigm or innovating based on a
changing reality. In this regard, a contribution's usefulness is predicated
on the contribution's relationship to real world phenomena, as well as
the contribution's ability to solve real world problems (Hunt, 1991).

Permutation tests examining network symmetry provide note-
worthy findings. While the X87-97 matrix displays a lack of symmetry,
X98-08 shows a significant level, suggesting that in the later time peri-
od, researchers are more open to testing the causal sequencing of
variables. Trust is proposed as an antecedent to relational norms in
one study, while another suggests the opposite. Since relationship
marketing concepts were emerging during this period, researchers
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were possibly uncertain about the directionality of the linkage be-
tween these constructs. This possible uncertainty resulted in 27
pairs of symmetric constructs and may also signify that researchers
were seeking to challenge established theories. In sum, permutation
tests indicate that the discipline is evolving, and that the domain re-
wards research efforts that empirically test established relationships
and counter-intuitive propositions.

The results of the BEA support those obtained in the above ana-
lyses, suggesting a greater divergence in more recent times. Specifi-
cally, larger and more cohesive blocks of senders and receivers are
found in the X87-97 network matrix than in the X98-08 matrix. This
increased fragmentation sheds light on the domain, as the smaller
and less cohesive blocks combined with an increase in constructs in
the later period suggests that newly developed constructs are in fact
different. This finding implies that researchers are building on prior ef-
forts, developing richer theories, and contributing to the nomological
network. Thus, marketing has truly becomemore fragmented overtime.

5. Conclusions, future directions, and limitations

The marketing discipline, as captured by the interconnection of
the discipline's latent constructs found in SEMs, converges on two
research streams. The domain produces more context specific studies
over time and, hence, is becoming increasingly fragmented. These
findings suggest the following conclusions, while raising several
research questions as well as pointing to the following limitations.

Relationship marketing and organizational behavior concerns for
customer contact employees are marketing's dominant themes in
SEMs. Although these research streams appear to be conceptually dif-
ferent, they may be related as they represent the study of factors that
influence the exchange of value (Bagozzi, 1975). Consider that the
relationship marketing literature shows that firms flourish by culti-
vating buyer–seller relationships in both B2B and B2C contexts
(Palmatier et al., 2006). In other words, relationships can influence
purchasing decisions and are thus valuable. A similar interpretation
can be made regarding the organizational behavior stream. This
stream tests factors that impact the service encounter. A lack of job
satisfaction is shown to effect employee performance and hence
customer service and quality. Also, role conflict and role ambiguity stifle
relations (Bitner et al., 1994). Thus, employee characteristics are cen-
tral to developing enduring connections with customers. Given this
conclusion, studies should consider other managerially relevant
variables that facilitate the exchange.

The results suggest that SEMs stress individual differences, such as
role ambiguity, that affect buyer–seller behaviors, which affect rela-
tionships. This result implies that the dyad could be the most reveal-
ing unit of analysis. Thus, although psychometric techniques identify
factors that influence relationship formation and longevity, other
methods might allow for a deeper understanding of interactions. Spe-
cifically, since psychometric techniques measure buyer or seller attri-
butes, methods that measure relationship characteristics may provide
a more complete understanding of the phenomenon. Hence, research
could benefit from using dyadic depth interviews or sociometric tech-
niques to study the exchange of value.

The results indicate that marketing has become increasingly frag-
mented and specialized. This fragmentation has occurredwith the addi-
tion of new, more context specific constructs in SEMs.While the results
suggest that scholars have guarded against the addition of constructs
which simply represent repackaged and renamed concepts, such a
repackaging of concepts is an issue that should be prevented in future
research. In addition, researchers should develop constructs that are
orthogonal and oblique to established ones, allowing for new insights
and alternative explanations, perhaps providing better direction for
marketers attempting to solve real world problems.

This study contains several noteworthy limitations. First, the find-
ings are generalizable only to SEM studies. Research extensions to
overcome this weakness could expand data collection efforts to in-
clude more than latent constructs, as well as the time intervals ana-
lyzed. Such an expanded data collection method would allow for a
more accurate assessment of marketing's evolution. Second, although
the study suggests that the field's two dominant research streams
ultimately serve to explain and predict factors that influence the ex-
change of value, the study does not predict, nor claim to predict, the
specific direction that the field will take. Instead, the study suggests
that marketing's gatekeepers should grapple with the advantages
and disadvantages associated with developing a more parsimonious
versus context specific field. Finally, extensions could carefully exam-
ine each construct identified in this study, providing more detail on
their operationalizations and conceptualizations. Such an extension
would allow researchers to determine if cognate constructs are,
indeed, linearly equatable. Doing so may assist in the development
of more definitive criteria for what constitutes an intellectual contri-
bution in marketing, as well as in other fields.
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